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ABSTRACT

In this study, Sequence-Dependent Setup Times (SDST) problems can be solved by
heuristic algorithm based on Genetic Algorithm. Adding long memory of Fathom Rule to
solve SDST problems is to avoid next generation population falling into inessential
solution space. After testing, the algorithm of this study is certain to make converged
progress not to fall down local optima solution, and the quality of solution is better than

other heuristic algorithm. Because of long memory, CPU time becomes slower.
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